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ABSTRACT

The study aimed to conduct a narrative review of studies that addressed the use of Al
techniques to detect suicidal ideation among individuals online, incorporating a SWOT
analysis. The review followed SANRA criteria. It included 23 studies published over the
past three years. The findings were synthesized using thematic analysis. The SWOT
analysis concluded: Strengths: high predictive accuracy in detecting suicidal ideation,

multilingual and cross—platform efficacy, synthetic data augmentation to improve

performance, visual behavior detection, and patient message sentiment analysis to
enhance understanding of individual psychological states. Weaknesses: limited
representation of key topics, data imbalance and language barriers, opaque models
that are difficult to interpret and analyze, reliance on non-validated tools, and false
positives/negatives due to difficulties capturing colloquial language structures, sarcasm,
and context. Opportunities: integration into patient messaging and apps; ai chatbots
and digital therapy tools; predictive analytics for adolescents; interactive dashboards to
raise public awareness; multimedia ai systems to enhance the delivery of innovative mental
health services. Threats: privacy risks, consent, and surveillance to protect personal data;
algorithmic bias and fairness; regulatory gaps and legal ambiguity; and the digital divide
and access inequality to digital tools and services especially for vulnerable groups.
Keywords: Artificial intelligence, suicidal thoughts, narrative review, SWOT analysis
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